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original_chunk = "The company's revenue grew by 3% over the previous quarter."

contextualized_chunk = "This chunk is from an SEC filing on ACME corp's performance
in Q2 2023; the previous quarter's revenue was $314 million. The company's revenue g
rew by 3% over the previous quarter."
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<document>

{{WHOLE_DOCUMENT}}

</document>

Here is the chunk we want to situate within the whole document

<chunk>

{{CHUNK_CONTENT}}

</chunk>

Please give a short succinct context to situate this chunk within the overall docume
nt for the purposes of improving search retrieval of the chunk. Answer only with the
succinct context and nothing else.
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